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1. INTRODUCTION 3. COMPARATIVE ANALYSIS 4. RESULTS
Environmental Sound (ES) Perception

& Important for hearing-specific quality of life (QoL)
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& Classifier: SVM — Grid Search Algorithm
NH Machine Model Framework

&> CNN frameworks for CNN+SVM, CI| stimuli, NH
stimuli, respectively

& However, many studies report no substantial
improvement in ES perception for post
implantation (Cl users) when compared to CI
candidates

Fig. 5. Mean sound classification accuracy for model/subjective groups.
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Fig. 4. Sound classification framework in simulated CIl conditions for NH
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